UniversidagVigo [ IMPROVEMENTS IN HMM-BASED AND

Tple * GOBERNG  MINGTERIO Unién Europea
CRR. T DEESPANA  DE ECONOMIA
& & ¥ COMPETITMIDAD

S SPELECH SYNTHLESIS TECHNIQULES

/

Carmen Magariiios, Multimedia Technology Group (G'TM), University of Vigo

Motivation of the work Advisors: Eduardo Rodriguez Banga and Daniel Erro Eslava

Language-independent acoustic cloning of HTS' voices |1, 2| Speaker de/re-identification using voice transformation |3, 4]

(New method for cross-lingual speaker adaptation)
S h Acoustic De-identif Waveform w
peec analysis e-ldentity generation J
— \
Select
Model 1 Model 2 % trar?s?ocrm m De-identified
i D I speech
A Mean vectors X: » inv
lignment Mapping .
Model 1 —» Target language 2 e a Public
| > Xxs | > m— — Re-identified Waveform Re-identif Acoustic | network
@ - ; Target language speech generation e-ldentty analysis
-« T Model 3
‘ @ <« | v Target speaker Application: De-1dentification of depressed speech for privacy
~ o A PR @ protection while keeping the information related to the disease |5]
6 @ AN
L o .
A N indznpge“nzgeent Sece ~ De-identifcation . De;'ssgg'::ea . Depression
Model 2 > | Target speaker Voice cloning Public
network
Thesis objectives New Results & Discussion
» Analysis of state-of-the-art techniques for speech synthesis and speaker adaptz?tif).n (SA). » Cross-lingual speaker adaptation
e Apply mtra—hngual speaker adaptation techmqueg to provide hlghf;r flexibility to speech - Extended version of the voice cloning-based method (CSA System) [2].
synthesis systems (larger number of speakers, speaking styles and emotions) [6, 7]. - Subjective and objective tests to measure the performance of both versions.
e Study and development of cross-lingual speaker adaptation (CSA) techniques in order to - Comparison to a baseline method (KLLD-based mapping technique) [8].
obtain polyglot speakers (speech-to-speech translation, multilingual speech synthesizers) [1, 2]. - Speaker adaptation for DNN-based speech synthesis
e Analysis of different voice transtormation (V1) techniques and application in the field of - Traming of DNN-based average voice models (AVMs) using different techniques.
speaker de-identification (SDI) [3, 4, 5. - Speaker adaptation experiments: several variants based on the retraming technmque.

e Conference/Journal publications
- IE'T Signal Processing |5], Computer Speech and Language (to be submitted soon) |8].
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- Privacy protection by applying the proposed SDI systems.
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